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Next, we examined volume of unique users associated with 
the root tags and their variants as well as the Jaccard 
similarit) overlap of users between the two (Table 4). In 
general, there are some tag chains where there is 
considerable overlap of users between the root tags and 
adopters of their variants (e.g, “bulimia,” “secretsociety”). 
However, most tag chains have little overlap (e.g., “ana,” 

“thighgap”). We believe this shows a shift in users who 
adopt these variations to overcome moderation restrictions 
enforced by Instagram. It also implies that adoption of 
lexical variation in tag usage might be an intrinsic 
individual characteristic; that is, the users likely to embrace 
this strategy are perhaps a small fraction of those who use 
the root tags. Alternatively, it may also indicate the 
propensity of a certain segment of the pro-ED community 
to adopt the lexical variations in their content sharing, 
perhaps to avoid discoverability more broadly, build and 

Tag chain Root users Variant users Overlap (%) 
ana 87575 2792 (↓) 2.12 
anorexia 86631 57837 (↓) 39.06 
anorexianervosa 5156 547 (↓) 4.81 
bonespo 2107 115 (↓) 2.80 
bulimia 49468 25758 (↓) 36.61 
eatingdisorder 40605 9622 (↓) 9.11 
mia 53880 684 (↓) 0.97 
proana 2338 355 (↓) 3.59 
proanorexia 24 9 (↓) 8.33 
probulimia 10 1 (↓) 10.00 
promia 672 51 (↓) 1.79 
secretsociety 852 15215 (↑) 65.73 
skinny 55639 564 (↓) 0.66 
thighgap 973 5931 (↑) 5.86 
thin 27386 865 (↓) 2.25 
thinspiration 2919 3534 (↑) 17.71 
thinspo 9304 9289 (↓) 17.79 
Total unique users (roots + variants) 496498 
Mean change in #variant users from #root users  -68% 

Table 4. Sizes of communities associated with the root tags, all 
variants, and their overlap. Downward arrows indicate tag 
chains where moderation reduces the users in the variant, 
whereas upward arrows indicate an increase. 

Likes 
Tag Chain Mean (Root) Mean (Variants) z  
eatingdisorder 53 ±55.28 44 ±72.87 -36.21 *** 
mia 44 ±46.37 56 ±46.42 32.79 *** 
thighgap 36 ±39.02 52 ±49.00 38.55 *** 
thinspiration 31 ±26.35 58 ±57.86 64.12 *** 
thinspo 33 ±34.47 53 ±50.58 87.16 *** 
Change in #likes in variant posts vs. root posts 30.6% 
Comments 
Tag Chain Mean - Root Mean – Variant t Stat.  
eatingdisorder 2 ±4.80 2 ±4.01 -23.76 *** 
thighgap 1 ±3.05 2 ±3.97 27.85 *** 
thinspiration 1 ±3.01 1 ±3.62 24.50 *** 
thinspo 1 ±3.22 2 ±3.95 38.54 *** 
Change in #comments in variant posts vs. root posts 15.1% 
Table 5. Engagement (likes, comments) on the roots and their 
variants. Tag chains with most significant change in mean 
likes and comments are shown. Statistical significance is 
tested based on Mann Whitney U-tests. Bonferroni correction 
(α/17), where α=.05 (*), .01 (***), and .001 (***), is adopted to 
control for familywise error rate. 

Figure 3. Proportion of weekly posts for six root tags and their corresponding three most frequent variants over time. The 
vertical grey lines indicate time when Instagram publicly reported change in its community policies (Apr 2012). 


